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Abstract − The two aims of this study were: 1) to bring
together Rasch measurement methods (RMMs) with substantive clinically-grounded hypotheses to develop measures
of health-related quality of life and patient satisfaction for
reconstructive and cosmetic breast surgery; and 2) develop
an accessible scoring program to provide automated clinically interpretable scores, based on calibrated item locations.
We constructed a new patient reported outcome (PRO) instrument (BREAST-Q ©) from patient interviews (n=48),
focus groups (n=18), and expert opinion. It was then fieldtested in samples of breast surgery patients (n=1950 &
n=817). Item generation led to three separate modules for
different types of breast surgery, each with a pre- and postoperative version: 1) augmentation; 2) reconstruction; and 3)
reduction. RMMs supported the summing of items to form a
total score for all subscales, in each module. Based on these
analyses the Q-Score © scoring algorithm program was
developed, tested and finalised. The BREAST-Q © is an
advance on the way PROs are currently measured and can
provide essential information about the impact and effectiveness of breast surgery from the patients’ perspective.
The Q-Score © program enables the BREAST-Q © to be
widely used and interpreted correctly, underpinned by an
equivalent frame of reference across different clinical settings.
Keywords: patient reported outcome instruments; Rasch
measurement; construct theory

1. INTRODUCTION
Traditionally the discussion of outcomes in plastic
surgery has centred on the provider’s perspective,
focusing on measuring complications and considering
photographic analyses. However, such data alone are
no longer sufficient to support the progress being
made in the field [1]. As the specialty of plastic surgery continues to develop, more sophisticated ways of
examining outcomes are required. Recently, expressions such as “quality of life” and the “patient’s voice”
have caught the attention of consumers, the public,
health care payers, and policymakers [2, 3].
Breast surgery is typical of the wider picture in
plastic surgery. As such, rapidly advancing techniques, increasing involvement of patients in their
own surgical decision-making and concern over escalating healthcare expenditures has resulted in growing
scrutiny of surgical outcomes and cost [4-6]. More
recently, this emphasis on evidence-based practice [7]

has been coupled with a new focus on key indicators
such as health-related quality of life and patient satisfaction (HR-QL) [1]. Thus, there is now more demand
for high quality specially designed questionnaires,
known as patient-reported outcome (PRO) instruments, in cosmetic and reconstructive breast surgery
research, trials and practice [8].
Despite the growing demand, our systematic review found that only seven of 223 PRO instruments
used in breast surgery studies had psychometric evidence to support their use in a breast surgery population [8]. Furthermore, only one instrument (developed
for breast reduction patients) was reported to have
psychometric properties in line with current proposed
psychometric criteria [9]. However, this measure was
limited in the range of outcomes it captured (i.e., did
not address key areas such as aesthetics and body
image) [8].
Therefore, we identified a need for a new clinically
meaningful, scientifically sound PRO instrument that
measures the perceptions of reconstructive and cosmetic breast surgery patients. Such an instrument
could facilitate comparisons of different surgical techniques from a patient perspective, and provide a reference point for comparisons between studies and surgical populations. Therefore, the central objective of this
project was to develop pre- and post-surgical measures
of HR-QL and patient satisfaction for reconstructive
and cosmetic breast surgery. As part of the study design process, we drew up a check list of three key
areas to address, which we expand upon below. These
ensured the development of an appropriate, practical,
clinically meaningful and scientifically rigorous new
instrument. As such, the new instrument should:
•
•
•

appropriately capture the patient perspective
and include clinically relevant and meaningful domains
be underpinned by an appropriate measurement model
be applicable for research and clinical settings and be easy to administer and score
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1.1. The patient perspective
Guidelines for developing PRO instruments [9],
including the current widely quoted US Food and
Drug Administration’s (FDA) scientific requirements
for PROs in clinical trials [2, 10], highlight the importance of establishing validity. In particular, the FDA
emphasises appropriate conceptual frameworks and
definitions as being fundamental. These are best
achieved using detailed qualitative assessments which
should include: evaluating the extent to which a
scale’s items represent the construct to be measured;
establishing the most appropriate item phrasing, structuring and context; and cognitive debriefing to ensure
consistency in meaning.
In developing the new PRO instrument for cosmetic and reconstructive breast surgery, we selected a
range of qualitative methods including in-depth patient and clinician interviews, literature review, panel
meetings, and cognitive debriefing [11, 12].
However in addition to these methods, we also
strove to develop explicit descriptions of each subscale, in order to maximise their utility as clinically
interpretable tools. As such, the new PRO instrument
was developed ‘bottom-up’ (from a construct definition), rather than ‘top-down’ (from a method of grouping items) to ensure that substantive clinical grounded
hypotheses determined subscale content. This involved several rounds of iterative qualitative enquiry
utilising the methods described above to establish
clinical validity. This approach is keeping with Rasch
paradigm [13, 14] (which we revisit below), and provides the optimal foundations to fully understand the
measurement performance of each of the new subscales [15, 16].
Over the last 25 years one group outside of health
measurement has developed the understanding of
construct definitions and construct theories to an advanced level [17-19]. This group, led by Jack Stenner,
has argued for a change in focus of assessing validity
from studying the people to the items [18] and in particular the relationships between item characteristics
and item scores. This forms the building blocks of the
theory of the construct. Stenner et al use the following
analogy to describe a construct theory: “The story we
tell about what it means to move up and down the
scale for a variable of interest (e.g. temperature, reading, ability, short term memory). Why is it, for example, that items are ordered as they are on the item
map? [This] story evolves as knowledge increases
regarding the construct” (p308) [17].
It is extremely rare to find PRO instruments associated with explicit construct theories in the health
measurement literature. This may be due to historical
reasons [20]. However, as a key part of our goal for
this project was to appropriately capture the patient
perspective and include clinically relevant and meaningful domains, we looked ahead to what could be
achieved by following Stenner, et al’s example, and
therefore, focussed on developing as advanced as
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possible construct definitions (and thus begin to build
construct theories) for each subscale.
1.2. An appropriate measurement model
In health measurement research, there are three
main psychometric approaches broadly based on three
types of measurement model: Classical Test Theory,
Rasch Measurement Theory, and Item Response Theory [20]. Below, we briefly examine each of these
approaches in order to present a justification for the
approach that we chose.
1.2.1 Classical Test Theory
The dominant psychometric paradigm in the development and testing of PRO instruments, which is
used in the current guidelines for developing PRO
instruments, such as FDA document described above
[2, 10] is classical (or traditional) test theory (CTT).
Charles Spearman laid down the foundations of CTT
in 1904 [21], in which he introduced the following
equation:

(1)
where the observed score (O) is the person’s manifest score on a scale. The true score (T) is the person’s
‘real’ score. This is unobservable (a theoretical value)
because of the associated measurement error – the
error score (E). CTT then postulates that the observed
score (O) is the sum of the True score (T) and the
error score (E). Thus, it assumes that the relationship
between the true score and the error score is additive
rather than anything else (e.g. multiplicative).
Over the next 50 years, the role of CTT analyses
grew with the accumulation of statistical evidence to
establish the scientific robustness of measures (e.g.
Kuder-Richardson’s coefficients for internal inconsistency, Cronbach’s alpha, correlations between replicated measurements) [22].
Importantly, CTT is grounded in the definition of
measurement as proposed by Stanley Smith Stevens
(ie ‘the assignment of numerals to objects or events
according to some rule’) [23]. This definition differs
in important respects from the more classical definition of measurement adopted throughout the physical
sciences, which is that measurement is the numerical
estimation and expression of the magnitude of one
quantity relative to another [24]. CTT is based upon
analyses of raw scores that are used to test the assumptions underlying a given measurement model;
that the items can be summed (without weighting or
standardization) to produce a score. The key traditional psychometric properties commonly associated
with CTT are: data quality, scaling assumptions, targeting, reliability, validity, and responsiveness. We
and others describe these assessments in more detail
elsewhere [2, 25].
CTT was the cornerstone for psychometric evaluations during the last century in health measurement
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[20]. The wide range of scale evaluations now associated with this approach provides relatively crude, but
broadly useful examinations of the measurement performance of PRO instruments. However, there are
some significant drawbacks to the approach. In brief,
there are four main limitations of CTT. First, the
measures generated are ordinal rather than interval
(invariance is not hypothesized or experimentally
tested) [26]. Second, scores for persons and samples
are scale dependent, as they lack a stochastic frame of
reference, resulting in item parameters that must be
regarded as fixed [27]. Third, scale properties, such as
reliability and validity, are sample dependent. As
such, the marginal probabilities of measures (ie the
probability distribution of scale scores) vary across
population subgroups, as these subgroups may vary in
the rate of the construct being measured [28]. Fourth,
the data support group-level inferences but are not
suitable for individual patient measurement [29].
1.2.2 Rasch Measurement Theory
Georg Rasch, a Danish mathematician, was principally concerned with the measurement of individuals
rather than distribution of levels of a trait in a population. He argued that the core requirement of social
measurement should be the same as that in physical
measurement (ie ‘invariant comparison’). With this in
mind, he developed the simple logistic model (now
known as the Rasch model). Through applications in
education and psychology, he was able to demonstrate
that his approach met the stringent criteria for measurement used in the physical sciences[30]. The formula for his model for scales including dichotomous
items is:

(2)
and are the measurements
where
of person n and item i, respectively, upon the same
latent trait, and e is the natural logarithm constant
(2.718).
Out of Rasch Measurement Theory are born Rasch
measurement methods (RMMs), which use the Rasch
model to evaluate the legitimacy of summing items to
generate measurements, and their reliability and validity. The model articulates the set of requirements that
must be met for rating scale data to generate internally
valid, equal-interval measurements that are stable
(invariant) across items and people [26]. The central
tenet to RMMs is that they examine the extent to
which observed data (patients’ actual responses to
scale items) accord with (“fit”) predictions of those
responses from a mathematical (Rasch) model. Thus,
the difference between what should happen (expected)
and what does happen (observed) indicates the extent
to which measurement is achieved.
Statistical and graphical tests are used to evaluate
the correspondence of data with the model. Certain

tests are global, while others focus on specific observations, items or persons. There are seven key measurement properties that should be considered: thresholds for item response options; item fit statistics; item
locations; differential item functioning (DIF); correlations between standardised residuals; person separation index (PSI), individual person change statistics.
We describe these in more detail elsewhere [25].
Direct comparisons of CTT and Rasch psychometric methods in the health measurement literature are
sparse, and at best superficial [31, 32]. In part, this
may be due to the fact that the two approaches cannot
be compared easily, as they use different methods,
produce different information, and apply different
criteria for success and failure.
However, importantly RMMs address each of the
four limitations of CTT described above. First, the
approach offers the ability to construct linear measurements from ordinal-level data, thereby addressing a
major concern of using PRO instruments as outcome
measures [33, 34]. Second, Rasch measurement methods provide item estimates that are free from the sample distribution and person estimates that are free from
the scale distribution, thus allowing for greater flexibility in situations where different samples or test
forms are used [35]. Third, the methods allow for the
use of subsets of items from each scale rather than all
items from the scale, without compromising the comparability of measures made using different sets of
items. This is the foundation for item banking and
computerised adaptive testing [36]. Fourth, RMMs
enable estimates suitable for individual person analyses rather than only for group comparison studies.[37,
38]
1.2.3 Item Response Theory
Item Response Theory (IRT) is another body of
psychometric methods that provides a foundation for
statistical estimation of parameters that represent the
locations of persons and items on a latent continuum
[39]. In particular, IRT scale evaluations are used to
ascertain the degree to which a given model and parameter estimates can account for the structure of and
statistical patterns within a response dataset [13, 39].
There are three main models under the general
banner of IRT. The one parameter (1P) model is essentially identical in structure to the Rasch model
(Equation 2). Mathematical models relating the probability of a response to an item, to the person’s location, the item’s difficulty and the item’s discrimination
are known as two parameter (2P) models [40]. The
addition of a third parameter (a person guessing parameter [41]) to the basic 2P model results in the 3P
model [42]. Thus, the basic 2P model for rating scales
including dichotomously scored items is:

(3)
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which is equivalent to Equation (2), with the addition
of , which represents the slope of item i (discrimination). Thus, the basic 3P model is:

(4)
In this instance, the additional represents a constant describing the lower asymptote due to guessing
for item i.
The general approach in IRT focuses on mathematical models that explain the observed data. Essentially, models are postulated and examined relative to
data. When the observed data are not adequately explained by the mathematical model, that is when the
data do not fit the chosen model closely enough, another model is tried. Thus, the justification for model
selection is empirical evidence of its suitability [22].
The choice of one model over another hinges on
whether it accounts better for the data [43]. The data
are considered given in the sense of being validated on
the basis of item content, expert opinion or other processes external to the data. Finally, the four shortcomings of CTT, described above, are overcome by IRT
only haphazardly and indirectly, depending on
whether the data in hand are found to fit a 1P model
that, importantly, has not been conceived from the
standpoint of specifying the requirements for objective
inference.
1.2.4 Justification for model choice
As outlined above, modern psychometric methods,
such as RMMs, have substantial advantages over CTT
for developing new PRO instruments. However, given
the apparent similarity between Rasch measurement
theory and IRT, does it matter which approach is
used? Rasch measurement theory and IRT are mathematically similar, so they are often considered as
members of the same family of statistical techniques
[13, 44]. This is inaccurate because advocates of
Rasch measurement theory and IRT have different
research agendas [13, 44, 45].
The distinction between Rasch measurement theory and IRT is subtle but important. IRT models are
statistical models used to explain data, and as such the
aim of an IRT analysis is to find the statistical model
that best explains the observed data [13, 44]. When
the observed data do not fit the chosen IRT model we
seek another model to better explain the data. In contrast, Rasch measurement theory provides a mathematical model for guiding the construction of stable
linear measures from rating scale (e.g. PRO instrument) data [30]. Therefore, the aim of RMMs are to
determine the extent to which observed rating scale
data satisfy the measurement model. When the data do
not fit the model, we examine the data carefully to try
and explain the misfit, but ultimately we choose data
that satisfies the model’s requirements. It is the central

tenet of the Rasch Model that distinguishes it from
IRT models. Specifically, its defining property is its
mathematical embodiment of the principle of invariant
comparison. These central tenets distinguish the Rasch
measurement theory diagnostic paradigm from the
IRT modelling paradigm [13].
Therefore, in developing the new PRO instrument
for cosmetic and reconstructive breast surgery, we
selected Rasch measurement methods (RMMs). In
particular we used the Rasch model for ordered response categories, which was developed for scales or
tests containing polytomous items [15, 46]:
Pr

(5)

is the integer response
Where
responding to
variable for person n with the ability
item i with the difficulty and

+1 ordered categories
are thresholds between
is the maximum score of item i,
[46].
where
This implies a single dimension with values , and
located additively on the same scale. Thus, the set of
positive integers x can contain person’s response to
summated rating scales. For example, in the new PRO
instrument described in this paper, the satisfaction
related items include response options containing the
integers ‘1’, ‘2’, ‘3’, and ‘4’ which represent the semantic categories ‘Very dissatisfied’, ‘Somewhat
dissatisfied’, ‘Somewhat satisfied’, and ‘Very satisfied’.
Importantly, the equation in the bottom half of the
Equation 5 is the ‘normalising factor’, which specifies
the probabilities of exceeding all thresholds for all
categories preceding k, so that the probability of person n scoring in category k depends upon all the locations of all the thresholds. This is important as it ensures that responses to items are constrained to a
Guttman pattern, whose success is reflected by ordered thresholds. Thus, correctly ordered thresholds
become an essential element of the validity of items
[46]; an evaluation supported by readily available
software [47] and theory [48, 49].
1.3. Applicable for research and clinical settings
RMMs for testing and evaluating PRO instruments
are becoming increasingly used in health measurement
research [2]. However, for new PRO instruments to be
appropriately used and widely accepted in different
clinical scenarios, clinicians require well targeted,
reliable, and valid instruments that can also be easily
scored. To achieve this requires both a psychometrically robust PRO instrument and a method of auto-
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matically scoring its data, based on items that are
appropriately calibrated within a specifically defined,
clinically meaningful, frame of reference. This is an
area which has received less attention in the health
arena [20].
Therefore, the final step in the development process was to produce a standalone executable software
application to allow data entry, automatic scoring, and
export based on the most applicable scoring algorithms. We selected the item estimates and calibration
algorithms housed in the RUMM 2030 software program [47]. This is because these algorithms are directly referable to work of George Rasch [30] and
David Andrich [15, 38, 46, 48, 49].
2. METHODS
The key steps involved in developing the new PRO
instrument included: development of a conceptual
framework; item generation; scale formation; and
psychometric evaluation. In addition, as described
above, we aimed to build, from the ground up, clinical
hypotheses for each subscale that could be used to
postulate a construct theory for each, and then test
each scale using RMMs. Local institutional ethics
review board approval was obtained for participating
centres.
2.1. Conceptual Framework Formation
To develop a conceptual framework of HR-QL and
patient satisfaction in breast surgery, we conducted
semi-structured interviews with breast reconstruction,
augmentation, and reduction patients [11]. The interviews were used to collect rich, detailed data about the
personal experiences of breast surgery patients. Interviews took place in Vancouver (Canada) between
October and December of 2004. A maximum variation
sample was chosen to ensure that a broad spectrum of
age, ethnicity, and surgery types were represented.
Patient interviews were tape recorded, transcribed, and
analysed.
2.2. Item Generation, Preliminary Scale Formation, and Pretesting
Item generation involved developing an exhaustive list
of potential items for each domain within our conceptual framework. As specific issues varied in importance by surgical group, separate modules were developed for breast augmentation, reduction, and reconstruction patients. Items for each module were developed using information generated only from interviews with patients who had undergone that particular
type of breast surgery. We also examined existing
published measures of HR-QL and patient satisfaction
in breast surgery patients and added items not discussed by our interviewees. Finally, we had plastic
surgeons, oncologist breast surgeons, nurses, and
psychologists working at the University of British
Columbia (Vancouver), Memorial Sloan-Kettering
Cancer Center (New York), and University College
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London (London) nominate items that were missing
from their perspective.
Our conceptual framework and draft subscales
were then presented for feedback to two separate focus groups that included women from the initial qualitative interviews and new participants. These sessions
were used to examine the degree to which our conceptual framework resonated with them and covered all
relevant issues. In addition, experts at four academic
medical centres in the United States and Canada were
asked to review the framework and subscales. This led
to finalizing draft versions of the subscales. Using
cognitive debriefing techniques, we asked women to
review these draft versions to determine their understanding of each item, to point out any unclear or
ambiguous items, and to comment on the response
options and recall periods. Finally, readability of the
draft subscales was assessed to ensure that all content
was targeted to a sixth-grade reading level, and revisions were made as necessary [50].
2.3. Preliminary Field-Testing, Scale Construction, and Psychometric Evaluation Postal Survey
Field-test versions of the three procedure-specific
PRO instruments were mailed to breast surgery patients recruited from five centres in the United States
and Canada (n=2715). Eligible participants included
preoperative and postoperative patients who were able
to read English and were aged 18 or older. To ensure a
high response rate, we used personalised letters, standardised instructions, and up to two reminders as
necessary [51, 52].
2.4. Further Validation Field-Testing, Psychometric Evaluation Postal Survey
Field-test versions of the three procedure-specific
PRO instruments were mailed to breast surgery patients recruited from three centres in the United States
and Canada (n=1244). Administration methods were
the same as 2.3.
2.5. Psychometric Analysis
Essentially, RMMs are used to examine the extent
to which the observed scale data ‘fit’ with predictions
of those ratings from the Rasch model (which defines
how a set of items should perform to generate reliable
and valid measurements) [30]. Effectively, the difference between expected (as predicted by the model)
and observed scores indicates the degree to which
valid measurement is achieved [25, 38, 53]. In this
project we examined four key tests for reliable and
valid measurement using RUMM2030 software (fit,
targeting, dependency, reliability) [47].
Fit. The items of each of the new PRO instrument’s subscales must work together (fit) as a conformable set both clinically and statistically. Otherwise, it is inappropriate to sum item responses to reach
a total score and consider the total score as a measure
of each target construct. When items do not work
together (misfit) in this way, the validity of a subscale
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is questioned. In brief, evidence for item fit was based
on four different indicators. These included: ordering
of item response options (ordering of item thresholds
[54]), two statistical indicators (fit residual; chi
square), and one graphical indicator (item characteristic curve; ICC[35]).
Targeting. Scale-to-sample targeting concerns the
match between the range of the target construct measured by each of the subscales and the range of target
construct in the sample of women in each dataset. In
brief, this was achieved by an examination of the
spread of person and item locations in these two relative distributions. This analysis informs us as to how
suitable the sample is for evaluating the subscales of
the new PRO instrument and how suitable the subscales are for measuring their respective samples.
Better targeting equates to a better ability to interpret
the psychometric data with confidence [35].
Dependency. The responses to any of the items in
each of the subscales should not directly influence the
response to any another in the same subscale [55]. If
this happens, measurement estimates may be biased
and reliability may be artificially elevated. RMMs
determine this effect by examining residual correlations.
Reliability. This was assessed using the Person
Separation Index (PSI) [48], which is comparable to
Cronbach’s alpha ( ) [56]. As such, both indices are
estimates of the proportion of the variance of the distribution of person estimates. However, a key difference between the PSI and is that when there is mistargeting between item and person locations, so that
there is a skewed distribution with extreme raw
scores, remains more constant than the PSI. This is
because is based on raw scores while the PSI involves a non-linear transformation of these raw scores.
The error variance for persons increases as the scores
become more extreme, so with scores close to the
extreme, the error variance increases in the PSI while
this is not taken into account in [48].
2.6. Final Cognitive Debriefing Interviews
After the completion of the field test, final modules and subscales were mailed to a small sample of
patients in each of the three procedure groups. These
patients participated in cognitive debriefing interviews
by phone and were asked to discuss their understanding of the items and to identify unclear or ambiguous
items. Acceptability and completion time were also
examined.
2.7. Software development
Following finalising the items (and item responses) for each subscale in each module, further
item analyses based on the RUMM paradigm were
conducted to provide a precise set of item calibrations
to base the construction of patient measures. As such,
the item calibrations, in conjunction with the item
statements, define what “more than” or “less than”
means in terms of the patient location on the final
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calibrated scale, a fundamental criterion behind all
scientific measurement. These item calibrations in
conjunction with the RUMM2030 algorithms were
used to develop the software engine for a new scoring
program together with a Graphical User Interface to
allow for ease of use. Together, these produce an
application that would be able to provide automated
clinically interpretable scores, based on fixed calibrated item locations.
3. RESULTS
3.1. Conceptual Framework Formation
Forty-eight breast surgery patients were interviewed, generating a total of 2749 statements about
HR-QL and patient satisfaction. Based on patient
interviews, research literature, and expert opinion, the
following six key themes formed our conceptual
framework of HR-QL and patient satisfaction in breast
surgery (Fig. 1):

Fig. 1. BREAST-Q © conceptual framework

3.2. Item Generation, Preliminary Scale Formation, and Pretesting
The process of item generation led to three initial
pools of items from augmentation (n = 145 items),
reconstruction (n = 240 items), and reduction (n = 163
items) patients. Items within each pool were grouped
into domains based on their conceptual meaning to
represent coherent clinically meaningful constructs.
These formed the domains of the conceptual framework for each type of surgery. The research team then
iteratively and interactively examined each of the item
lists in each of the domains to identify and retain those
potential items that best represented aspects of the
continuum of impact for each domain and to form the
best potential subscale. Preoperative items were repeated in the postoperative subscales along with additional “postoperative only” questions (e.g., items related to scarring).
This process resulted in the core domains of the
conceptual framework and led to the development of
preliminary subscales for each of the three modules.
Four additional preliminary subscales to address issues specific to single procedure groups were also
created (i.e., Reconstruction module: satisfaction with
abdominal appearance, physical well-being trunk and
abdomen, and satisfaction with nipple-areola reconstruction; Reduction module: satisfaction with nippleareola).
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Instructions for completing each subscale asked
patients to comment on their HR-QL or satisfaction
aspects of during the previous 2 weeks. This recall
period was determined to be acceptable to patients,
clinically relevant, and best conveyed as sense of
“current status” for the patient groups. An exception
to this rule was made for the sexual well-being subscale as “2 weeks” was not felt to be an acceptable
interval given that sexuality in the weeks preceding
surgery was not necessarily indicative of a patient’s
usual status. Cognitive debriefing interviews included
12 reduction, 11 augmentation, and 23 reconstruction
changes in wording.
3.2. Field Testing, Scale Formation, and Psychometric Evaluation Postal Survey
3.2.1 Sample
Questionnaire booklets were sent to 2715 women,
and 1950 were returned completed (response rate, 72
percent; Table 1).
Table 1: Patient Characteristics: Field Testing

3.2.2 Scale Formation
In each subscale, items with the best psychometric
properties, while appropriately representing each of
the target constructs, were retained in the reconstruction, reduction, and augmentation modules. We named
this new PRO instrument the BREAST-Q ©. Further
information is available from the authors.
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3.2.3 Psychometric Evaluation
Rasch analysis supported the summing of items to
form a total score for each subscale of each of the
modules. Scale reliability was supported by satisfactory Person separation indices (>0.76), and validity
was supported by three findings. First, item response
option thresholds were ordered correctly for all items,
indicating that the proposed response options were
working well. Second, the item locations in each subscale were spread out (range, 0.9 to 4.4), indicating
that each subscale defined a continuum. Third, the
vast majority of residual correlations for each subscale
were less than 0.30, supporting local independence
among items (data available from authors). Fit to the
Rasch model was good, as all of the retained items in
each subscale had acceptable fit residuals and the
majority of chi-square values were non-significant.
The minority of items that had fit statistics slightly
larger than expected were examined and retained on
the basis of appraisals of overall psychometric performance and clinical relevance. Further details about
item calibrations, standard errors, fit residuals, and
chi-square statistics are available from the authors.
To illustrate, we provide an example of one of the
subscales below. As such, Fig. 2 shows the subscale
structure and layout of the BREAST-Q © Reconstruction Module: Satisfaction with Breasts subscale. This
subscale address issues surrounding patient satisfaction relating to their perceptions of the result of reconstruction surgery. This is almost always following
unilateral or bilateral mastectomy following a diagnosis of breast cancer.

Fig. 2. BREAST-Q © Reconstruction Module: Satisfaction
with Breasts subscale.
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The item content and ordering of this subscale reflects
the hypothesised clinical hierarchy of the construct.
The items are ordered from the items which reflect
lowest through to highest patient satisfaction. Thus, a
patient endorsing degrees of satisfaction with the first
item “How you look in mirror clothed”, but dissatisfaction with all other items indicates low satisfaction
for this woman. Alternatively, a patient scoring “Very
satisfied” to the last question (“How you look in mirror unclothed”) indicates the highest level of satisfaction. This hierarchy is supported in the RMMs analyses, and is demonstrated in the item threshold map and
correctly ordered thresholds (Spearman’s Rho=0.97
between hypothesised and Rasch measurement derived subscale hierarchy; Fig. 3). This is further elaborated upon in Fig. 4 which shows category probability
curves (CPCs) from item i) ‘How equal in size your
breasts are to each other’.
Item fit to the Rasch model was good overall.
Three items just marginally fell outside (<0.4) of the
fit residual guidelines of -2.5 to +2.5, but all three
items demonstrated good psychometric properties in
all other tests. Fig. 5 shows an example of one of the
graphics associated with tests of fit for item n) ‘How
closely are your breasts matched to each other’.
The final illustration is presented in Fig. 6, which
shows the targeting of the subscale to the sample. In
this figure, the upper histogram represents the sample
distribution of total BREAST-Q © Reconstruction
Module: Satisfaction with Breasts subscale person
measures. The lower histogram striped blocks represent the sample distribution of the item thresholds of
the 15-items of the same subscale. The line shows the
information function. The graph shows that the distributions of item thresholds and person measures are
well matched. There is also some potential to extend
the range of measurement by adding items to the extremes of the subscale range. The peak of the information plot is around 0.9 logits of the continuum which
indicates the scale’s best point of measurement. The
PSI=0.94.

Fig. 3: Threshold map for all items in the BREAST-Q ©
Reconstruction Module: Satisfaction with Breasts subscale.
The x-axis represents the construct (satisfaction with breasts
after reconstruction surgery), with patient satisfaction increasing to the right. The y-axis shows each of the items
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response category ‘Very Unsatisfied’ labelled 0; Response
category ‘Somewhat dissatisfied’ labelled 1 (black block);
Response category ‘Somewhat satisfied’ labelled 2; Response category ‘Very satisfied’ labelled 3

Fig. 4: Category probability curves for item i) ‘How equal in
size your breasts are to each other’. The x-axis represents
the construct (satisfaction with breasts after reconstruction
surgery), with patient satisfaction increasing to the right.
The y-axis shows the probability of endorsing the response
categories, reading left to right: 0 (first curve) ‘Very Unsatisfied’, 1 (second curve) ‘Somewhat dissatisfied’, 2 (third
curve) ‘Somewhat satisfied’, and 3 (fourth curve) ‘Very
satisfied’. Key: Locn = location; FitRes = Fit residual; Pr =
probability

Fig. 5: Item characteristic curve for n) ‘How closely are you
breast matched to each other’. The x-axis represents the
construct (satisfaction with breasts after reconstruction
surgery), with patient satisfaction increasing to the right.
The y-axis shows the expected value as predicted by the
Rasch model. The black dots, which represent class intervals, are very close to the line indicating a close association
between observed and expected scores. Key: Locn = location; FitRes = Fit residual; Pr = probability

Fig. 5: Person-Item thresholds Distribution. The x-axis
represents the construct (satisfaction with breasts after reconstruction surgery), with patient satisfaction increasing to
the right. The y-axis shows the frequency of person measure
locations (top histogram) and item locations (bottom histogram).
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3.3. Further Validation Field Testing, and Psychometric Evaluation Postal Survey
3.3.1 Sample
Questionnaire booklets were sent to 1244 women,
and 817 were returned completed (corrected response
rate 66%; Table 2).
3.3.1 Psychometric Evaluation
Rasch analysis supported the summing of items to
form a total score for all subscales of each module.
Validity was supported by three findings. First, item
response option thresholds were ordered correctly for
all items in all subscales, indicating that the proposed
response options worked well. Second, the item locations in each subscale were spread out (range of logit
span 0.7-6.6) indicating that each subscale defined a
continuum. Third, fit to the Rasch model was good as
the vast majority of items in all subscales of each
module had acceptable fit residuals, and Chi-square
values that were non-significant. The minority of
items falling outside recommended criteria had fit
statistics marginally larger than expected. Scale reliability was supported by satisfactory Person Separation Indices (>/= 0.73) with the exception of Physical
Wellbeing. Further information is available from the
authors.
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3.5. Software development
The Q-Score © application (Fig. 7.) was developed
to transform each BREAST-Q © subscale score in
each module. It provides the ability to read patient
subscale response data into the program, score the set
of responses to each subscale attempted, and write the
complete set of transformed scores for all subscales
attempted to an electronic file. Once the set of responses are accepted, the program immediately scores
these data and estimates a Rasch-based person measure, ranging from 0 to 100. This measure is based on
the calibration of each set of items in each subscale.
All item response data, scoring and measures can then
be exported into text file for further analyses.

Fig. 7. Q-Score user interface.
Table 2: Patient Characteristic: Further Validation Field
Testing (post-surgery)

3.4. Final Cognitive Debriefing Interviews
Thirty patients (10 from each procedure group) reviewed the final modules and subscales. They reported
completion time to be 10 to 14 minutes for the reconstruction, 10 to 12 minutes for reduction, and 8 to 10
minutes for augmentation modules. They found the
subscales to be acceptable, comprehensive, and clear.

4. DISCUSSION
Patients provide a unique and vital perspective on the
success of breast surgery procedures. To fully capture
and quantify their perceptions, appropriately constructed and validated PRO instruments are needed.
The new instrument (the BREAST-Q©) consists of
three procedure-specific modules (augmentation,
reduction, and reconstruction) with independent subscales that examine those issues most important to
women who have undergone each procedure. By
closely targeting the subscales and items to the specific surgical group, each module has the potential to
be more sensitive to patient perceptions and responsive to change following surgery.
4.1. The “Patient Voice”
Overall, patient input proved to be the most important element of the development process. In developing the conceptual framework for the BREAST-Q, we
sought to create a model that would reflect the entirety
of the patient experience. Patients expressed both a
sense of “appraisal” of the results of surgery (e.g.,
satisfaction or dissatisfaction), as well as an awareness
of the impact of the procedure on their health-related
quality of life. Our conceptual framework thus consists of both HR-QL subscales (psychosocial, physical, and sexual well-being) and satisfaction subscales
(satisfaction with breasts, satisfaction with overall
outcome, and satisfaction with the process of care).
Patients in our interviews and focus groups repeatedly reflected on their relationship with the surgeon,
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the information that they received, and the care provided by the office staff. Process of care is measured
by separate subscales that examine satisfaction with
preoperative information and the care provided by the
plastic surgeon, the office staff, and other members of
the medical team. These process measures may ultimately prove to be useful for quality improvement
efforts. As an example, a plastic surgeon may use
these subscales to obtain useful metrics for individual
practice improvement.
4.1. Benefits of Rasch Measurement Methods
The use of RMMs to develop and test the subscales of the BREAST-Q © means that we have a good
understanding of the empirical item order across each
subscale. Thus, we know which items are associated
with each and every possible subscale score. For example, using the BREAST-Q © Reconstruction Satisfaction with Breasts subscale (described above), a
recent multicenter, cross-sectional study of 672 post
mastectomy women, conducted by our group, found
that women's satisfaction with their breasts was significantly greater among those who received silicone
implants compared with those who received saline
implants [57]. We can add the words used in the items
in the range of the subscale scores for the silicone
group (mean score 64) and the saline group (mean
score 57; Fig. 8).

Fig. 8 Illustration of comparison of saline and silicone group
means scores on the “ruler” of BREAST-Q © Reconstruction Satisfaction with Breasts subscale

These translate into the following: women in the
silicone group scoring higher up the subscale and,
therefore, typically satisfied with their look and feel of
their reconstructed breasts, whereas women in the
saline group category are towards the middle of the
subscale and are satisfied with size and look of their
breasts, but not how well they match or feel natural.
The ability to provide qualitative statements to each
group for each subscale score begins to make concrete
the meaning of subscale scores and thus provides a
clear base for the clinical interpretation of the
BREAST-Q © [16].
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4.3. A practical solution to scoring
Traditionally, PRO instrument users have been required to handle data manually, producing total scores
via scoring syntax in statistical software packages, or
other similar tools. These complications can be a barrier to the use of PRO instruments, especially for clinicians in busy practices or clinical researchers who
are using these instruments as part of a larger study.
Overcoming these barriers is especially relevant in the
context of the more complex algorithms and software
associated with RMMs. The new Q-Score © program
offers a ready solution to this issue. It provides an
easy, automatic, convenient and tangible 0-100 score
transformation that maintains a common frame of
reference and metric comparability across different
clinical samples; linearised (not ordinal) measures
satisfying statistical assumptions of unit additivity;
and it supports both group and individual-patient level
comparisons.
4.4. Next steps
Based on the development process and the preliminary validation data, we would argue that the
BREAST-Q © is a promising PRO instrument that
provides a scientifically rigorous and clinically valid
means to examine the impact of breast surgery from
the patient perspective. As increasing numbers of
researchers and surgeons incorporate the BREAST-Q
© into their studies and surgical practices, we envision
a rapidly expanding knowledge base that will inform
further clinical interpretation of BREAST-Q © data.
Thus, as BREAST-Q © data grows from different
clinical scenarios, the interpretation and, therefore, the
clinical meaning, of its subscale scores will become
increasingly clarified. As we seek to optimally manage surgical patients in an increasingly cost-restricted
environment, the BREAST-Q © can be expected to
provide meaningful data to guide determination of
comparative effectiveness and patient advocacy.
We would recommend that further work is carried
out on the BREAST-Q ©. First, our response rate
(66%) in the validation filed test was lower than
achieved in our first field-test (72%) [12]. This difference is probably due to the increased respondent burden of the substantially longer questionnaire booklet
used in the validation study. And, in fact, this suggestion is supported by other studies. For example, the
recent UK National Mastectomy and Breast Reconstruction Outcomes Audit [58] reported an 84% response rate (n=6882) for the BREAST-Q ©. But while
it is unlikely that the lower response rate achieved in
our study reflects problems with patient acceptability
of the BREAST-Q ©, which in fact exceeds 60% (the
average response rate [59] and proposed minimum
[60] for clinical research), further work is required to
establish specific response rates.
Second, further psychometric examination remains
to be done, including: comparisons with objective
clinical data; comparisons of test-retest administration
techniques (combined versus individual mailings);
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group- and individual-patient level clinical change
(responsiveness); and formal cross-cultural validations
of translated versions of the BREAST-Q ©.
Finally, developing the BREAST-Q © using
RMMs means that we can legitimately continue to
refine and improve the measurement performance of
its subscales, while the current version is being used
[13]. In addition, the scores generated from future
versions of the BREAST-Q© will be directly comparable to the present version to retain continuity. Thus,
further work will include further development of the
construct theories underpinning each subscale, examination of differential item functioning, residual correlations, and the potential of including new or modified
items to improve upon and/or expand the measurement continuum of each subscale, if and where necessary.
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